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Abstract: Robotics and automation have significantly transformed Computer Numerical Control (CNC) machining operations, enhancing 
productivity, precision, and efficiency. Robots are employed to load and unload raw materials, workpieces, and finished parts onto CNC 
machines. They can efficiently handle heavy and bulky components, reducing the demand of manual labour and minimizing the risk  
of injuries. Robots can also be used in CNC machine tools to perform tasks such as automatic tool changing system, part inspection,  
and workpiece positioning. Automation technologies, including in-line inspection systems and Non-Destructive Testing (NDT) methods,  
can be integrated into CNC machining cells to enhance accuracy and reduce scrap and rework in machining operations. These systems 
collect real-time data on process parameters and machine tool performance to predict maintenance, optimize machining parameters,  
and improve overall efficiency. In the current study, applications of robotics and automation in the modification of CNC machine tools  
are reviewed and discussed. Different applications of robotics and automation in CNC machine tools, such as automated material  
handling, automatic tool changing, robotic work cells, adaptive machining, machine tending, quality inspection, data monitoring  
and analysis, and production line integration, are discussed. Thus, by analysing recent achievements in published papers, new ideas  
and concepts of future research works are suggested. As a result, accuracy as well as productivity in the process of part production  
can be enhanced by applying robotics and automation in CNC machining operations. 
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1. INTRODUCTION 

Robotics and automation play a crucial role in computer nu-
merical control (CNC) machining operations, offering numerous 
advantages in terms of efficiency, precision, and productivity. 
Robotics and automation have revolutionized CNC machining 
operations and automated material handling, providing numerous 
benefits in terms of productivity, efficiency, and cost-effectiveness. 
Robots are integrated into CNC machining operations to perform 
various tasks such as part loading and unloading, tool changing, 
and even complex machining operations [1]. Industrial robots can 
be programmed to execute precise movements and repetitive 
tasks with high accuracy and speed, reducing the need for manual 
labour and improving overall productivity. They can work around 
the clock without fatigue, ensuring continuous and efficient opera-
tion [2]. This aspect enables manufacturers to produce complex 
components at a faster rate and with higher quality, contributing to 
the advancement of modern manufacturing industries [3, 4]. Ad-
vanced robotic systems equipped with sensors and artificial intel-
ligence capabilities can perform adaptive machining [5]. These 
systems can monitor and adjust machining parameters in real 
time based on feedback from sensors, ensuring optimal perfor-
mance, improved accuracy, and reduced scrap rates [6]. Adaptive 
machining enables efficient machining of complex parts and the 
ability to respond to variations in material properties. Automated 
material-handling systems are employed to streamline the move-
ment of raw materials, workpieces, and finished parts within the 
CNC machining facility [7]. These systems utilise conveyors, 

gantries, robotic arms, and other automated mechanisms to 
transport materials between different workstations, CNC ma-
chines, and storage areas [8]. By eliminating manual handling, 
automated material-handling systems reduce the risk of errors, 
damage, and injuries, while also increasing throughput and mini-
mizing production delays [9, 10]. Automation in CNC machining 
operations often involves the use of advanced sensors and identi-
fication systems. For example, barcodes, radio-frequency identifi-
cation (RFID) tags, or QR codes can be attached to workpieces 
and materials to enable automated tracking throughout the manu-
facturing process [11]. This facilitates seamless integration with 
CNC machines and ensures accurate identification and routing of 
materials, reducing the chances of errors and mix-ups [12]. Here 
are some of the key advantages of incorporating robotics and 
automation in CNC machining operations: 

 Increased productivity: Automation enables continuous opera-
tion of CNC machines, reducing downtime and maximising 
productivity. Robots can work tirelessly without breaks or fa-
tigue, leading to higher output and increased efficiency [13]. 

 Enhanced precision and accuracy: Robots are highly precise 
and repeatable, ensuring consistent and accurate machining 
operations. They can achieve tight tolerances and eliminate 
human errors, resulting in improved part quality and reduced 
scrap or rework [14]. 

 Improved safety: Automation removes the need for manual 
intervention in hazardous or physically demanding tasks. This 
reduces the risk of accidents, injuries, and exposure to harm-
ful environments, making the workplace safer for operators 
[6]. 
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 Higher production speeds: Robots can perform CNC machin-
ing operations at significantly faster speeds compared to hu-
man operators. They can execute complex movements and 
tool changes quickly, resulting in reduced cycle times and in-
creased production rates [15]. 

 Flexibility and adaptability: Robotic systems can be pro-
grammed to perform a wide range of tasks, allowing for great-
er flexibility in CNC machining operations. They can easily 
switch between different machining operations or workpieces, 
enabling efficient batch production or rapid product changeo-
vers. 

 24/7 operation: Automated systems can run continuously, 
including outside regular working hours, without the need for 
human supervision. This maximizes machine utilisation and 
can lead to round-the-clock production, improving overall pro-
duction capacity [16]. 
Also, disadvantages of using robotics in CNC machine tools 

can be presented as: 

 High initial investment: Implementing robotics and automation 
in CNC machining operations requires a significant upfront in-
vestment. Costs include the purchase of robotic systems, in-
tegration with existing CNC machines, programming, and 
training. This may be a barrier for smaller businesses with lim-
ited budgets [14]. 

 Complex setup and programming: Setting up and program-
ming robotic systems for CNC machining can be complex and 
time-consuming. Skilled personnel or specialized expertise 
may be required to program the robots accurately and opti-
mize their performance. This can increase implementation 
costs and project timelines [17]. 

 Integration and programming: To implement robotics and 
automation in CNC machining operations, the integration of 
different systems is crucial. This includes programming the 
robotic systems, developing software interfaces for seamless 
communication between machines, and integrating control 
systems for coordinated operations. Additionally, specialised 
software tools enable offline programming and simulation, re-
ducing downtime and optimizing the production process [18]. 

 Limited adaptability to small batch sizes or customisation: 
While automation excels in high-volume production, it may be 
less suitable for small batch sizes or highly customized prod-
ucts. Adapting automation systems to frequent product 
changes or small production runs can be challenging and may 
result in reduced efficiency [19]. 

 Potential for job displacement: Automation can lead to a re-
duction in manual labour requirements. As robots replace 
some human operators in CNC machining operations, there is 
a potential for job displacement or reduced employment op-
portunities for certain roles. However, automation can also 
create new job roles that focus on robot programming, 
maintenance, and system supervision [20, 21]. 

 Dependency on power supply and maintenance: Robotic 
systems require a stable power supply and regular mainte-
nance to operate optimally. Power outages or equipment 
breakdown can disrupt production and lead to downtime. 
Maintaining robotic systems also requires skilled technicians 
and spare parts, which can add to operational costs [22]. 
Soori et al. [23] suggested virtual machining techniques to 

evaluate and enhance CNC machining in virtual environments 
[23-26]. To investigate and enhance performance in the compo-
nent-production process employing welding procedures, Soori et 
al. [27] suggested an overview of current developments in friction-

stir welding techniques. Soori and Asamel [28]s examined the 
implementation of virtual machining technology to minimise resid-
ual stress and displacement error throughout turbine blade five-
axis milling procedures. Soori and Asmael [29] explored applica-
tions of virtualized machining techniques to assess and reduce 
the cutting temperature throughout milling operations of difficult-
to-cut objects. Soori et al. [30] indicated an advanced virtual ma-
chining approach to improve surface characteristics throughout 
five-axis milling procedures for turbine blades. Soori and Asmael 
[31] created virtual milling processes to reduce the displacement 
error throughout five-axis milling operations of impeller blades. In 
order to analyse and develop the process of part production in 
virtual environments, virtual product development is presented by 
Soori [32]. Soori and Asmael [33] proposed an overview of current 
advancements from published research to review and enhance 
the parameter technique for machining-process optimisation. To 
improve the efficiency of energy consumption, the quality and 
availability of data across the supply chain, and the accuracy and 
dependability of component manufacture, Dastres et al. [34] pro-
posed a review of the RFID-based wireless manufacturing sys-
tems. Soori et al. [35] explored machine learning and artificial 
intelligence in CNC machine tools to boost productivity and im-
prove profitability in production processes of components, employ-
ing CNC machining operations. To improve the performance of 
machined components, Soori and Arezoo [36] reviewed the topic 
of measuring and reducing residual stress in machining opera-
tions. To improve surface integrity and decrease residual stress 
during Inconel 718 grinding operations, Soori and Arezoo [37] 
proposed the optimum machining parameters employing the 
Taguchi optimisation method. To increase the life of cutting tools 
during machining operations, Soori and Arezoo [38] examined 
different methods of tool wear-prediction algorithms. Soori and 
Asmael  [39] investigated computer-assisted process planning to 
boost productivity in the part-manufacturing procedure. Dastres 
and Soori [40] addressed improvements in web-based decision-
support systems to provide solutions for data warehouse man-
agement using decision-making assistance. Dastres and 
Soori [41] reviewed applications of artificial neural networks in 
different sections, such as analysis systems of risk, drone naviga-
tion, evaluation of welding, and evaluation of computer simulation 
quality, to explore the execution of artificial neural networks for 
improving the effectiveness of products. Dastres and Soori [42] 
proposed employing communication systems for environmental 
concerns to minimise the negative effects of technological ad-
vancement on natural catastrophes. To enhance network and 
data online security, Dastres and Soori [43] suggested the secure 
socket layer. Dastres and Soori [44] studied the developments in 
web-based decision-support systems for developing the method-
ology of decision-support systems by evaluating and suggesting 
the gaps between proposed approaches. To strengthen network-
security measures, Dastres and Soori [45] discussed an analysis 
of recent advancements in network threats. To increase the po-
tential of image-processing systems in several applications, 
Dastres and Soori [46] evaluated image processing and analysis 
systems. Dimensional, geometrical, tool deflection, and thermal 
defects have been modified by Soori and Arezoo [47] to improve 
the accuracy in five-axis CNC milling processes. Recent devel-
opments given in published articles are examined by Soori et al. 
[48] to assess and improve the impacts of artificial intelligence, 
machine learning, and deep learning in advanced robotics. Soori 
and Arezoo [49] developed a virtual machining system application 
to examine whether cutting parameters affect tool life and cutting 
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temperature during milling operations. Soori and Arezoo [50] 
studied the impact of coolants on the cutting temperature, rough-
ness of the surface, and tool wear during turning operations with 
Ti6Al4V alloy. Recent developments from published papers are 
reviewed by Soori [51] to examine and alter composite materials 
and structures. Soori et al. [52] examined the Internet of Things 
(IoT) application for smart factories in Industry 4.0 to increase 
quality control and optimise part-manufacturing processes. To 
minimise cutting tool wear during drilling operations, Soori and 
Arezoo [53] designed a virtual machining system. Soori and 
Arezoo [54] decreased residual stress and surface roughness to 
improve the quality of items produced utilising abrasive water jet 
machining. To enhance accuracy in turbine blade five-axis milling 
operations, deformation errors are calculated and compensated 
by Soori [55]. To analyse and enhance accuracy in CNC machin-
ing operations and structures, applications of the finite element 
method in CNC machine tool modification are reviewed by Soori 
and Arezoo [56]. In order to analyse and optimise energy con-
sumption in industrial robots, different methods of energy usage 
optimisation are reviewed by Soori et al. [57]. To analyse and 
modify the application of virtual manufacturing in productivity 
enhancement of part production, advanced virtual manufacturing 
systems are reviewed by Soori et al. [58]. Meta-heuristic algo-
rithms for assessing the collapse risk of steel moment frame mid-
rise buildings are presented by Karimi Ghaleh Jough and Şensoy 
[59] to provide a better risk-management strategy for steel mo-
ment frames. The steel moment-resisting frame dependability via 
interval analysis using the FCM-PSO method is studied by Karimi 
Ghaleh Jough and Şensoy [60] to enhance accuracy and de-
crease execution time in the calculation of siesmic fragility curves. 
Assessment of out-of-plane behaviour of non-structural masonry 
walls using FE simulations is presented by Karimi Ghaleh Jough 
and Golhashem [61] to reduce the self-weight axial compression 
of the walls with modern lightweight masonry units. 

The paper reviews and discusses the application of robotics 
and automation in the modification of CNC machine tools. Robot-
ics and automation are used in CNC machine tools for a variety of 
purposes, including integrated production lines, automated mate-
rial handling, automatic tool changing, robotic work cells, adaptive 
machining, machine tending, and quality inspection. Thus, fresh 
thoughts and suggestions for the subsequent research tasks are 
proposed by examining previous successes in published articles. 
As a consequence, by implementing robots and automation in 
CNC machining processes, accuracy as well as productivity in the 
process of component manufacturing may be improved. 

2. AUTOMATED MATERIAL HANDLING 

The Robotics and automation play a crucial role in CNC ma-
chining operations and automated material handling. Robots can 
be employed to load and unload raw materials and finished parts 
onto CNC machines. They can pick up raw materials from a stor-
age area, place them in the CNC machine for machining, and then 
transfer the finished parts for subsequent operations or storage 
[62]. This automation significantly reduces cycle times and ena-
bles lights-out machining, where operations continue without 
human intervention [63]. This eliminates the need for manual 
labour, reduces setup time, and ensures consistent and accurate 
placement of materials [64]. The integration of robotics and auto-
mation in CNC machining operations and automated material 
handling brings numerous benefits, including increased productivi-

ty, improved precision, reduced labour costs, enhanced safety, 
and better utilisation of resources [65]. It allows manufacturers to 
streamline their operations, optimise production flow, and respond 
quickly to changing demands in a competitive manufacturing 
environment [66]. How these technologies are used in these areas 
is explored below: 
1. CNC machining operations: 

 Robotic arms: Industrial robots equipped with articulated arms 
can perform various tasks in CNC machining operations. Ro-
bots can be programmed to handle different types of materials 
and workpieces, adapting to various machining requirements. 
They can handle the loading and unloading of workpieces into 
the CNC machines, change cutting tools, and perform quality 
inspections [67]. 

 Automated tool changing: CNC machines can be equipped 
with automatic tool changers (ATCs) that are controlled by 
computer programs. This enables the machine to switch be-
tween different cutting tools without manual intervention, re-
ducing downtime and increasing efficiency [68]. 

 Continuous operation: Automated material-handling systems 
ensure a constant supply of raw materials and removal of fin-
ished products, minimising downtime [69]. 

 Optimised workflow: Robots can perform repetitive tasks with 
high precision and speed, allowing for a streamlined produc-
tion process. 

 Reduced errors: Automation minimises the chances of human 
errors, resulting in more precise machining and fewer defects 
[70]. 

 Energy efficiency: Optimised processes and reduced idle time 
in material handling contribute to energy savings, making the 
manufacturing process more cost-effective. 

 Vision systems: Automated vision systems can be integrated 
with CNC machines to perform tasks such as part inspection, 
alignment, and measurement. These systems use cameras 
and image-processing algorithms to ensure accuracy and 
quality control [71]. 

 In-process monitoring: Sensors and probes can be incorpo-
rated into CNC machines to monitor the cutting process in real 
time. This allows for adaptive control, where the machine au-
tomatically adjusts parameters like cutting speed, feed rate, 
and tool path to optimise performance and prevent errors [72]. 

2. Automated material handling: 

 Conveyor systems: Automated conveyor systems are com-
monly used in CNC machining operations for material han-
dling. They transport workpieces, raw materials, and finished 
parts between different stages of the manufacturing process, 
reducing manual handling and improving efficiency [73]. 

 Automated guided vehicles (AGVs): AGVs are autonomous 
vehicles that can navigate within a manufacturing facility with-
out human intervention. They can transport materials, such as 
raw stock and finished parts, between CNC machines, stor-
age areas, and inspection stations [74]. 

 Palletising systems: Automated palletising systems are used 
to stack and organise workpieces or finished parts on pallets. 
These systems can handle heavy loads and precisely position 
the parts for efficient transportation and storage. This facili-
tates continuous machining by enabling the preparation of the 
next workpiece while the machine is still in operation [75]. 

 Robotic material handling: Industrial robots equipped with 
specialised end-effectors can handle materials, such as load-
ing and unloading workpieces onto CNC machines, palletising 
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finished parts, or sorting and organising materials in a ware-
house or storage area [76]. 

 Material tracking and management software: These systems 
can provide insights into production efficiency, predict mainte-
nance needs, and optimise overall manufacturing processes. 
Cloud robotics for material handling in cognitive industrial In-

ternet of things is shown in Fig. 1 [77]. 

 
Fig. 1.   Cloud robotics for material handling in cognitive industrial Inter-

net  of things [77] 

Overall, robotics and automation have transformed CNC ma-
chining operations and have automated material handling, en-
hancing productivity, quality, and efficiency. These technologies 
continue to evolve, with advancements in artificial intelligence, 
machine learning, and collaborative robotics opening up new 
possibilities for the future of CNC machining [78]. The specific 
choice of automated material-handling solutions will depend on 
the type of CNC machine, the nature of the materials being pro-
cessed, and the desired production goals. In the next section, the 
applications and benefits of automatic tool-changing systems in 
CNC machining operations will be discussed. The integration of 
robotic arms in tool changing not only streamlines the process but 
also extends the capabilities of CNC machines, offering dynamic 
adaptability and minimising human intervention. 

3. AUTOMATIC TOOL CHANGING FROM CLASSICAL 
CHANGER TO ROBOTICAL CHANGER 

CNC machines often require different tools for different opera-
tions. Robots are employed to handle tooling tasks in CNC ma-
chining centres. Automation in CNC machine tools, particularly in 
the context of tool changing, involves the use of various technolo-
gies and systems to streamline the process of switching tools 
during machining operations. They can automatically load and 
unload cutting tools, reducing manual intervention and minimising 
machine downtime [79]. This results in increased productivity and 
improved machine utilisation. Robots can be employed to handle 
tooling tasks in CNC machining centres to enhance accuracy and 
productivity in machining operations [17, 80]. They can automati-
cally load and unload cutting tools, reducing manual intervention 
and minimising machine downtime [81]. Some CNC machines are 
equipped with in-machine probing systems that can measure and 
verify tool dimensions without the need for manual intervention. 
Using such systems results in increased productivity and im-
proved machine utilisation [82]. It allows for increased productivity, 
reduced downtime, and the ability to perform complex machining 

tasks without human intervention [83]. An overview of how auto-
mated tool changing works in CNC machining is given below: 

 Tool magazine: The CNC machine is equipped with a tool 
magazine, which is essentially a storage unit for holding vari-
ous cutting tools. The tool magazine can be located on the 
machine itself or as a separate unit adjacent to the machine 
[84]. 

 Tool identification: Each cutting tool is uniquely identified 
using a barcode, RFID, or some other form of identification 
system. This identification helps the machine recognise and 
select the appropriate tool for a specific machining operation 
[85]. 

 Tool selection: When a particular machining operation re-
quires a tool change, the CNC machine's control system 
sends a command to the tool-changer mechanism to retrieve 
the required tool from the magazine. The command is usually 
based on the program being executed and the specific tool 
needed at that stage [86]. 

 Tool-changing mechanism: The CNC machine is equipped 
with a tool-changing mechanism, often referred to as an ATC. 
The ATC consists of a gripper or a robotic arm that can grasp 
and manipulate the cutting tools [80]. Linear tool changers are 
systems where the tools are arranged in a linear fashion, and 
a mechanism moves along the line to select and change tools. 
Rotary tool changers are mounted on a rotary carousel, and 
the carousel rotates to bring the desired tool into position [87]. 

 Tool retrieval and replacement: The tool-changer mechanism 
moves to the designated position in the tool magazine and re-
trieves the required tool. It then moves to the spindle area 
where the previous tool is stored [88].  

 Tool exchange: The ATC releases the current tool and grasps 
the new tool using its gripper or robotic arm. The tool-
exchange process is usually automated and performed with 
precision to ensure proper alignment and secure attachment 
of the new tool [89]. 

 Tool calibration and verification: After the tool exchange, the 
CNC machine may perform calibration and verification pro-
cesses to ensure the new tool is properly aligned and ready 
for use. This can include checking the tool length, diameter, 
and other parameters to ensure accurate machining [82]. 

 Resuming machining: Once the tool change is completed and 
verified, the CNC machine resumes the machining operation 
using the new tool. This process can be repeated multiple 
times during a machining operation, depending on the com-
plexity and requirements of the workpiece [90]. 
Structure of an ATC of CNC machine tools is shown  

in Fig. 2 [91]. 

 
Fig. 2.   Structure of an automatic tool changer of computer numerical 

control machine tools [91]   
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Application of robots in the vertical machining centre tool 
changer is shown in Fig. 3 [92].  

 
Fig. 3.   Application of robots in the vertical machining centre tool changer 

[92] 

The ATC significantly reduces manual intervention and mini-
mises downtime associated with manual tool changes. It enables 
CNC machines to perform complex machining tasks with multiple 
tools seamlessly increasing productivity and efficiency in manu-
facturing processes [93]. Robotic work cells can efficiently man-
age tool changes by coordinating with the automatic tool-changing 
systems, ensuring a smooth transition between machining opera-
tions. In the next section, applications of robotic work cells in the 
automation of CNC machine tools are discussed. 

4. ROBOTIC WORK CELLS 

Robotics and automation play a significant role in CNC ma-
chining operations, particularly in the form of robotic work cells. 
These advanced systems combine CNC machines with industrial 
robots to enhance the productivity, efficiency, and flexibility in 
manufacturing processes [94, 95]. Robotic work cells in the con-
text of CNC machine tools refer to integrated systems where 
robots are deployed to perform various tasks alongside or in 
collaboration with CNC machines. Robotic work cells combine 
multiple machines, such as CNC machines, measuring systems, 
and assembly stations, with robotic arms [96]. These cells enable 
seamless integration and coordination between different process-
es, optimising production flow and minimising cycle times [97]. 
Here are some key aspects and benefits of robotic work cells in 
CNC machining: 

 Increased productivity: Robotic work cells can operate contin-
uously without breaks, leading to increased productivity and 
reduced cycle times. Robots can perform repetitive tasks with 
high accuracy and speed, minimising human errors and max-
imising output [98]. 

 Flexibility and adaptability: Robots are programmable and can 
be easily reprogrammed or reconfigured to handle different 
machining tasks or part variations. This flexibility enables 
manufacturers to efficiently switch between different product 
lines or adapt to changing production requirements [99]. 

 Enhanced precision and consistency: CNC machines provide 
precise control over machining operations, and when com-
bined with robots, they ensure consistent and repeatable re-
sults. This level of accuracy is crucial for industries like aero-
space and automotive, where tight tolerances are required 
[100]. 

 Improved safety: Robots can handle hazardous or physically 
demanding tasks, reducing the risk of injuries to human work-
ers. They can operate in enclosed work cells or behind safety 
barriers, safeguarding operators from potential accidents as-
sociated with machining processes [101]. 

 Offline programming and simulation: Robots and CNC ma-
chines can be programmed offline using simulation software 
[102]. This allows for the optimisation of robotic movements 
and CNC machining processes without interrupting actual 
production [103]. 

 Reduced labour costs: Robotic work cells can replace manual 
labour for routine machining operations, leading to cost sav-
ings in terms of labour expenses. While human operators are 
still needed for tasks like programming and supervision, the 
overall labour requirement can be significantly reduced [104]. 

 Lights-out manufacturing: With robotic work cells, it is possible 
to achieve lights-out manufacturing, where production can 
continue unattended even during non-working hours. This can 
optimise machine utilisation and increase overall production 
capacity [105]. 

 Integration with other automation technologies: Robotic work 
cells can be integrated with other automation technologies, 
such as conveyor systems, part feeders, vision systems, and 
quality control devices. This integration streamlines the pro-
duction process, improves material flow, and enhances overall 
system efficiency. Moreover, it can facilitate real-time monitor-
ing, scheduling, and optimisation [106]. 

 Predictive maintenance: Robotics and CNC systems can be 
equipped with sensors for predictive maintenance. This helps 
in identifying potential issues before they lead to downtime, 
reducing unplanned interruptions in production [16, 107]. 

 Data collection and analysis: Robotics and automation sys-
tems in CNC machining often come with advanced data-
collection capabilities. By collecting real-time data on machine 
performance, tool wear, and part quality, manufacturers can 
analyse and optimise their processes for improved efficiency 
and predictive maintenance [108]. 
KUKA milling robot is shown in Fig. 4 [109]. 

 
Fig. 4. KUKA milling robot [109] 

The implementation of robotic work cells in CNC machine 
tools is a key component of Industry 4.0, where smart manufactur-
ing technologies converge to create more agile and responsive 
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production systems [110, 111]. Robotic work cells can be part of 
flexible manufacturing systems where CNC machines and robots 
work together to handle a variety of tasks. Also, robots can be 
employed to load raw materials onto CNC machines and unload 
finished products, streamlining the material-handling process 
[112]. While the benefits of robotic work cells in CNC machining 
operations are substantial, their implementation requires careful 
planning, programming, and maintenance. It is essential to con-
sider factors like workspace layout, robot programming, safety 
measures, and proper training for operators to ensure successful 
integration and operation of robotic work cells [113]. Adaptive 
machining using robots and automation introduces a dynamic 
approach to manufacturing, allowing for real-time adjustments in 
machining processes based on changing conditions, which is 
discussed in the next section. 

5. ADAPTIVE MACHINING USING ROBOTS  
AND AUTOMATION 

Adaptive machining in CNC machining operations refers to the 
application of robotics and automation to dynamically adjust the 
machining process based on real-time feedback and data. It 
involves the integration of sensors, control systems, and intelligent 
algorithms to optimise machining operations for improved efficien-
cy, accuracy, and productivity [114]. Advanced robotic systems 
are equipped with sensors and vision systems that enable them to 
adapt to variations in workpiece dimensions or alignment [115]. 
Sensor data can be used to adapt machining strategies dynami-
cally, compensating for variations in workpiece geometry, material 
properties, and tool wear. This capability allows for real-time 
adjustments in machining parameters, ensuring precise and accu-
rate results, even with slight variations in the workpiece [16]. 
Some key aspects of adaptive machining in CNC operations are 
given below: 

 Real-time sensing: Adaptive machining relies on sensors such 
as force sensors, acoustic emission sensors, temperature 
sensors, and vision systems to collect data during the machin-
ing process. These sensors provide feedback on factors like 
cutting forces, tool wear, workpiece condition, and dimension-
al accuracy [116]. 

 Data analysis and interpretation: The collected sensor data is 
analysed using advanced algorithms and machine learning 
techniques to extract valuable insights. This analysis helps in 
identifying patterns, anomalies, and deviations from the de-
sired machining parameters [117]. 

 Decision-making and control: Based on the data analysis, 
adaptive machining algorithms make real-time decisions to 
optimise the machining process. These decisions can include 
adjusting feed rates, changing tool paths, modifying cutting 
parameters, or replacing worn-out tools [118]. 

 Dynamic adjustments: Adaptive machining systems use robot-
ics and automation to implement the necessary adjustments 
identified through the data analysis. This can involve automat-
ically repositioning the workpiece, changing cutting tools, ad-
justing spindle speeds, or modifying tool paths to ensure opti-
mal machining conditions [119]. 

 Optimisation objectives: Adaptive machining aims to achieve 
various optimisation objectives, including reducing cycle 
times, improving surface finish quality, minimising tool wear, 
maximising tool life, maintaining dimensional accuracy, and 
reducing energy consumption [120]. 

Benefits of adaptive machining in CNC operations: 

 Improved efficiency: By dynamically adjusting machining 
parameters, adaptive machining optimises the process to re-
duce cycle times, minimise material waste, and increase 
productivity [121]. 

 Enhanced accuracy and quality: Real-time adjustments based 
on sensor feedback help maintain dimensional accuracy, im-
prove surface finish quality, and reduce errors in CNC machin-
ing operations [122]. 

 Extended tool life: Adaptive machining systems detect tool 
wear in real time and make necessary adjustments, leading to 
longer tool life and reduced tooling costs. Also, adaptive ma-
chining systems can continuously monitor and adjust cutting 
parameters based on real-time data, optimising tool paths for 
improved accuracy and cutting tool life during machining op-
erations. 

 Reduced downtime: By monitoring the machining process 
continuously, adaptive machining systems can detect anoma-
lies and potential issues, allowing for proactive maintenance 
and reducing unplanned downtime [123]. 

 Reduced scrap and rework: Adaptive systems can adapt 
cutting speeds, feeds, and other parameters to optimise ma-
chining and minimise scrap [124]. 

 Flexibility and adaptability: Adaptive machining enables CNC 
machines to handle variations in workpiece material proper-
ties, tool wear, and other factors, making the process more 
adaptable to changing production requirements [125]. 
Block diagram of robotic belt grinding trajectory planning steps 

is shown in the Fig. 5 [126]. 

 
Fig. 5.   Block diagram of robotic belt grinding trajectory planning steps 

[126] 

Overall, adaptive machining utilising robotics and automation 
plays a crucial role in optimising CNC machining operations and 
improving efficiency, accuracy, and productivity, while reducing 
costs and downtime [127]. By integrating robots and automation 
into CNC machine tools, manufacturers can achieve a more adap-
tive and responsive manufacturing environment, leading to im-
proved overall efficiency, product quality, and competitiveness in 
the market. 

6. MACHINE TENDING 

Machine tending refers to the process of loading and unload-
ing workpieces to and from CNC machines. Robotics and automa-
tion have revolutionised CNC machining operations, particularly in 
the area of machine tending. Robots can be used to tend multiple 
CNC machines simultaneously, optimising production throughput 
[128]. They can load and unload workpieces, initiate machining 
processes, and perform inspections or measurements. Automa-
tion in machine tending aims to replace or assist human operators 
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in these repetitive and often labour-intensive tasks. This process 
is critical for maximising the efficiency of CNC machining opera-
tions and reducing manual labour [129]. An overview of a ma-
chine-tending system is shown in Fig. 6 [130]. 

 
Fig. 6. Overview of a machine-tending system [130] 

By integrating robotics and automation into machine-tending 
tasks, several advantages can be achieved: 

 Increased productivity: Automation eliminates the need for 
human operators to manually load and unload workpieces, al-
lowing the CNC machines to operate continuously without in-
terruptions. This leads to higher productivity and reduced cy-
cle times [131]. 

 Enhanced safety: CNC machines can be hazardous to oper-
ate, especially during the loading and unloading of heavy 
workpieces. By employing robots, human operators can be 
kept at a safe distance from the machine, minimising the risk 
of accidents and injuries [132]. 

 Improved accuracy and consistency: Robots are capable of 
precise movements and can consistently position workpieces 
with high accuracy. This ensures consistent and repeatable 
machining results, reducing errors and scrap rates. 

 Flexibility and adaptability: Robots can be programmed to 
handle various types of workpieces and can quickly switch be-
tween different tasks. This enables manufacturers to respond 
to changing production needs, such as varying product de-
signs or batch sizes, without significant retooling or repro-
gramming [133]. 

 Extended machine uptime: Automated machine tending allows 
CNC machines to operate continuously, even outside regular 
working hours. This maximises machine uptime and overall 
production capacity, leading to increased efficiency and re-
duced idle time. 

 Reduction in labour costs: By automating machine-tending 
tasks, manufacturers can reduce their dependency on manual 
labour, resulting in cost savings associated with labour wages, 
training, and employee benefits [134]. 

 Integration with other processes: Robotic machine tending can 
be seamlessly integrated with other automation processes, 
such as material handling, quality inspection, and post-
processing. This holistic automation approach further optimis-
es the entire production workflow [135]. 
To enhance the efficiency of the machine-tending system in 

advanced CNC machining operations, the application of the digital 
twin is studied. The flowchart of a developed machine-tending 
system using the digital twin system is shown in Fig. 7 [130]. 

To implement robotics and automation in machine tending, 
various technologies are employed, including industrial robots, 
vision systems, sensors, and advanced programming techniques. 
Additionally, collaborative robots (cobots) are gaining popularity, 

as they can work safely alongside human operators, further in-
creasing the flexibility and versatility of machine-tending opera-
tions [136]. Overall, machine tending by automation in CNC ma-
chine tools plays a crucial role in enhancing the efficiency, safety, 
and precision in manufacturing processes. Robotics and automa-
tion have significantly transformed CNC machining operations, 
making them more efficient, safe, and adaptable to evolving man-
ufacturing demands [137]. In smart CNC machining operations, 
robotics, artificial intelligence, and machine learning are applied to 
enhance the capabilities of automated machine-tending systems. 

 
Fig. 7.   The flowchart of a developed machine-tending system using the 

digital twin system [130] 

7. QUALITY INSPECTION 

Robotics and automation have significantly impacted CNC 
machining operations, particularly in the area of quality inspection. 
Automated systems can be integrated with CNC machines to 
inspect and measure machined parts using sensors, vision sys-
tems, or coordinate measuring machines (CMMs). This ensures 
that parts meet specified tolerances, reduces human error, and 
improves overall quality control [138]. Implementing automation in 
CNC machine tools for quality inspection not only improves the 
efficiency and accuracy of the inspection process but also contrib-
utes to reducing the likelihood of defects and increases overall 
productivity [139]. Some ways in which robotics and automation 
are used in CNC machining quality inspection are given below: 

 Automated measurement systems: Robots are often integrat-
ed with automated measurement systems to perform precise 
and accurate measurements of machined parts. These sys-
tems use advanced sensors, such as laser scanners or 
CMMs, to capture dimensional data. The robots can move the 
sensors along programmed paths to inspect critical features of 
the machined parts [140]. 

 Vision systems: Vision systems, including cameras and im-
age-processing algorithms, are commonly employed in CNC 
machining quality inspection. Robots equipped with vision sys-
tems can capture images of machined parts and analyse them 
to detect defects, surface-finish irregularities, or dimensional 
deviations. They can compare the captured images with refer-
ence models to ensure that the parts meet the required speci-
fications [141]. 

 Automated sorting and packaging: Once parts are inspected 
and meet the quality criteria, automated systems can be em-
ployed for sorting and packaging, reducing the risk of human 
error and ensuring consistency [142]. 
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 In-process monitoring: Robotics and automation enable real-
time monitoring of CNC machining operations. Sensors and 
probes can be integrated into the machining process to collect 
data on parameters like tool wear, cutting forces, temperature, 
and vibration. These data are then analysed by automated 
systems to detect anomalies and ensure that the machining 
process is within the desired parameters, ultimately enhancing 
the quality of the machined parts [143]. 

 Non-destructive testing (NDT): Robotic systems can be used 
to perform NDT on machined parts. For example, automated 
ultrasonic or eddy current testing systems can be employed to 
inspect the integrity of critical components. The robots can 
position the testing equipment precisely and perform scans 
according to pre-defined paths, allowing for efficient and relia-
ble quality inspections [144]. 

 Defect identification and sorting: Robots equipped with ma-
chine vision and robotic arms can identify defective parts and 
sort them accordingly. Once defects are detected during the 
quality-inspection process, the robots can remove or separate 
the faulty parts from the production line, ensuring that only 
high-quality components are delivered [145]. 

 Data analysis and feedback loop: Automation systems can 
collect and analyse vast amounts of data generated during 
CNC machining operations. By using machine-learning algo-
rithms, patterns and trends can be identified, enabling predic-
tive maintenance, process optimisation, and continuous im-
provement in quality inspection [146]. 

 Statistical process control: Automation can be applied to 
implement statistical process-control methods, monitoring key 
process parameters and ensuring that the machining process 
operates within specified tolerances. 
Probing tool of robotic arms for the quality control is shown in 

Fig. 8 [147]. 
Overall, the integration of robotics and automation in CNC 

machining quality inspection brings several benefits, including 
increased accuracy, efficiency, and reliability. These technologies 
allow for faster inspections, reduced human error, and enhanced 
process control, ultimately leading to improved product quality and 
higher customer satisfaction. It is important to carefully design and 
integrate these automation solutions based on the specific re-
quirements of the CNC machining operations and the desired 
quality standards. 

 
Fig. 8.   Probing tool of robotic arms for quality control [147] 

8. DATA MONITORING AND ANALYSIS 

Robotics and automation have significantly transformed the 
CNC machining industry by enabling enhanced data monitoring 
and analysis capabilities. These advancements have resulted in 

improved productivity, accuracy, and efficiency in machining 
operations [148]. Automation systems can collect real-time data 
from CNC machines, such as cutting parameters, machine per-
formance, and tool wear. These data can be analysed to optimise 
processes, predict maintenance requirements, and improve over-
all efficiency [149]. Continuous improvement based on data-driven 
insights is key to achieving higher levels of efficiency and produc-
tivity. How robotics and automation have impacted data monitor-
ing and analysis in CNC machining is given below: 

 Real-time data collection: Automated systems integrated with 
CNC machines can collect real-time data during machining 
operations. These data include information such as cutting 
speeds, tool wear, temperatures, vibrations, and other rele-
vant parameters. Robots and sensors can be used to capture 
these data accurately and consistently [150]. 

 Data integration and connectivity: Automation allows for 
seamless integration and connectivity between CNC ma-
chines and data-monitoring systems. The collected data can 
be transmitted to centralised databases or cloud platforms for 
storage and analysis. This connectivity enables real-time mon-
itoring, remote access, and analysis of machining data from 
anywhere, facilitating timely decision-making [16]. 

 Condition monitoring and predictive maintenance: By analys-
ing the collected data, advanced algorithms and machine-
learning techniques can identify patterns and anomalies relat-
ed to the machine condition. This enables predictive mainte-
nance, where potential issues can be detected early and 
maintenance actions can be scheduled proactively. Also, re-
mote monitoring and control of CNC machines can be imple-
mented using data monitoring and analysis. Machine-learning 
algorithms can be used to predict tool wear, optimise cutting 
parameters, and improve overall machining efficiency. This 
approach minimises unplanned downtime and optimises ma-
chine availability [148]. 

 Performance optimisation: Data monitoring and analysis can 
help identify inefficiencies in machining processes. By examin-
ing the collected data, manufacturers can analyse factors 
such as tool paths, cutting parameters, and material charac-
teristics to optimise machining performance. This leads to im-
proved cycle times, reduced scrap rates, and enhanced over-
all productivity [151]. 

 Quality control and process improvement: Data analysis ena-
bles manufacturers to monitor and control product quality in 
real time. By comparing machining data with pre-defined 
quality parameters, any deviations or defects can be quickly 
identified, allowing for immediate corrective actions. Continu-
ous data analysis also provides insights for process improve-
ment, enabling manufacturers to refine their machining strate-
gies and achieve higher quality standards [152]. 

 Data-driven decision-making: The availability of accurate and 
timely data empowers manufacturers to make informed deci-
sions. Through data analysis, manufacturers can identify bot-
tlenecks, optimise workflows, allocate resources effectively, 
and identify opportunities for cost reduction and process opti-
misation. This data-driven decision-making approach enhanc-
es overall operational efficiency [153]. 

 Traceability and compliance: Automated data monitoring and 
analysis provide a comprehensive record of machining opera-
tions, including the parameters used, measurements taken, 
and quality checks performed. This traceability is valuable for 
regulatory compliance, quality audits, and product validation 
[154]. 
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Applications of digital twin and big data analysis in cloud-
based manufacturing systems are shown in Fig. 9 [155]. 

 
Fig. 9.   Applications of digital twin and big data analysis in cloud-based 

manufacturing systems [155] 

In summary, robotics and automation have revolutionised data 
monitoring and analysis in CNC machining operations [156]. Real-
time data collection, connectivity, predictive maintenance, perfor-
mance optimisation, quality control, data-driven decision-making, 
and traceability are some of the significant benefits offered by 
these advancements. The obtained data from CNC machines can 
be integrated with manufacturing execution systems to provide a 
comprehensive view of the entire manufacturing process. As a 
result, these capabilities lead to improved productivity, enhanced 
quality, and increased efficiency in CNC machining processes 
[14]. However, implementing a comprehensive data monitoring 
and analysis system for automation in CNC machine tools re-
quires a multi-disciplinary approach involving technology integra-
tion, data science, and a thorough understanding of the machining 
process. 

9. COLLABORATIVE ROBOTICS 

Robotics and automation have revolutionized CNC machining 
operations, making them more efficient, precise, and safe. Collab-
orative robotics, specifically, has played a significant role in en-
hancing the capabilities of CNC machines and improving human–
robot interactions [157]. Collaborative robots, or cobots, can work 
alongside human operators in CNC machining operations. These 
robots are designed to be safe to work with and can assist in 

tasks such as part handling, deburring, or cleaning, thereby en-
hancing productivity and relieving workers from repetitive or haz-
ardous tasks [158]. They are equipped with sensors and ad-
vanced control systems that allow them to detect and respond to 
the presence of humans, ensuring a safe working environment. 
This collaboration enables a more flexible and adaptive manufac-
turing process where humans and robots can work together on 
different tasks, with the robot handling repetitive or strenuous 
tasks, while humans focus on more complex and cognitive as-
pects [159]. This integration leads to improved efficiency, reduced 
costs, and a safer and more collaborative working environment 
[160]. Some key aspects of robotics and automation in CNC 
machining operations, with a focus on collaborative robotics, are 
given below: 

 Automated material handling: Collaborative robots (cobots) 
are used to automate material-handling tasks in CNC machin-
ing operations. They can pick up raw materials, place them in 
the machine, and remove finished parts. Cobots are equipped 
with sensors and vision systems that allow them to detect and 
grasp objects safely, enabling efficient material handling with-
out the need for physical barriers or safety cages [160]. 

 Machine tending: Cobots are commonly employed for ma-
chine-tending tasks in CNC machining. They can load and un-
load workpieces, set up the machine, and initiate the machin-
ing process. Cobots work alongside human operators, taking 
over repetitive and physically demanding tasks, while humans 
focus on more complex operations, such as programming and 
quality control [161]. 

 Safety features: Traditional industrial robots are often sepa-
rated from human workers by physical barriers for safety rea-
sons. Collaborative robots are designed with safety features 
that enable safe interaction with human workers. They are 
equipped with force-sensing technologies that allow them to 
detect human presence and apply force accordingly [162]. 
This ensures that if a human comes into contact with the ro-
bot, it will stop or slow down to prevent injuries. Additionally, 
cobots have rounded edges and lightweight construction to 
minimise the risk of harm during accidental collisions [163]. 

 Programming and flexibility: Collaborative robots in CNC 
machining operations are programmed using intuitive interfac-
es. This simplifies the programming process, making it acces-
sible to non-experts. Operators can teach cobots tasks by 
physically guiding their movements or by using graphical pro-
gramming interfaces. This flexibility allows quick reprogram-
ming and reconfiguration of the robot for different tasks, mak-
ing them highly adaptable to changing production require-
ments [164]. 

 Enhanced precision and quality: Robotics and automation 
improve the precision and quality of CNC machining opera-
tions. Collaborative robots can perform tasks with high re-
peatability, ensuring consistent results. They can execute 
complex movements and follow precise paths, resulting in im-
proved machining accuracy and reduced errors. Additionally, 
cobots can integrate with measurement systems to perform in-
process inspections, enhancing quality control throughout the 
machining process [165]. 

 Easy integration: Cobots are designed to be easily integrated 
into existing workflows and systems. They can be pro-
grammed to work in tandem with CNC machine tools, han-
dling tasks such as material loading and unloading, tool 
changes, and part inspection. 
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 Increased productivity: By automating repetitive and time-
consuming tasks, collaborative robots increase productivity in 
CNC machining operations. Cobots can work around the 
clock, reducing machine idle time and maximising production 
efficiency. They can perform tasks with high speed and accu-
racy, resulting in shorter cycle times and increased output 
[166]. 

 Human–machine collaboration: Cobots allow for a closer 
collaboration between human workers and machines. While 
the cobot takes care of routine and physically demanding 
tasks, human workers can focus on more complex activities 
that require decision-making, problem-solving, and creativity. 

 Maintenance and diagnostics: Collaborative robots can be 
programmed to perform routine maintenance tasks on CNC 
machines, such as cleaning, lubricating, or even diagnosing 
simple issues. This proactive maintenance approach helps 
prevent unplanned downtime and ensures the longevity of 
CNC machine tools [167]. 

 Adaptive machining: Cobots can be integrated into the CNC 
machining processes to adapt to changes in the production 
environment. They can dynamically adjust their movements 
and tasks based on real-time feedback, improving overall sys-
tem flexibility [168]. 

 Workforce augmentation: Collaborative robotics in CNC ma-
chining operations do not replace human workers but rather 
augment their capabilities. By taking over mundane and phys-
ically demanding tasks, cobots free up human operators to fo-
cus on higher-level activities that require creativity, problem-
solving, and decision-making. This leads to a more skilled and 
engaged workforce [169]. 
Conceptual design of a collaborative robot for drilling modelled 

after human operation is shown in Fig. 10 [170]. 

 
Fig. 10. Conceptual design of collaborative robot for drilling modelled 

after human operation [170] 

In summary, collaborative robotics has transformed CNC ma-
chining operations by automating material handling, machine 
tending, and other tasks. Collaborative robotics enhances auto-
mation in CNC machine tools by combining the precision of CNC 
machining with the flexibility and adaptability of robots. This inte-
gration leads to improved efficiency, reduced costs, and a safer 
and more collaborative working environment [171]. 

10. PRODUCTION LINE INTEGRATION USING ROBOTICS 
AND AUTOMATION 

Robotics and automation play a crucial role in CNC machining 
operations and production line integration. They offer numerous 

benefits such as increased productivity, improved precision, en-
hanced safety, and reduced labour costs [172]. Automation sys-
tems enable the integration of multiple CNC machines into a 
cohesive production line [173]. Robots can transport workpieces 
between different machining stations, optimising the workflow and 
minimising idle time [174, 175]. Automated systems can also 
communicate with other manufacturing systems, such as enter-
prise resource planning (ERP) software, for seamless production 
management. Some key aspects of robotics and automation in 
CNC machining are given below: 

 Robotic material handling: Robots can be employed for the 
automated loading and unloading of raw materials and fin-
ished parts in CNC machines. They can handle heavy loads, 
operate in a precise and repeatable manner, and eliminate the 
need for manual intervention [176]. 

 Machine tending: Robots can be utilised for the continuous 
operation and supervision of CNC machines. They can per-
form tasks like tool changes, part measurement, and coolant 
application. This minimises downtime and maximises machine 
utilisation [177]. 

 Palletized automation: Palletized automation systems involve 
the use of robots to move workpieces between different CNC 
machines, inspection stations, and other manufacturing pro-
cesses. This allows for seamless integration and optimisation 
of the entire production line [178]. 

 Vision systems: Vision-guided robotics enable robots to locate 
workpieces, align them accurately, and perform tasks with 
high precision. They use cameras and advanced algorithms to 
analyse the environment, ensuring precise positioning and 
improved quality control [179]. 

 In-process inspection: Automated inspection systems can be 
integrated into CNC machining operations, allowing robots to 
measure dimensions, check tolerances, and detect defects in 
real time. This reduces the need for manual inspection and 
improves quality control [180]. 

 Collaborative robots (cobots): Cobots are designed to work 
alongside human operators, enhancing productivity and safety 
in CNC machining operations. They can assist with tasks such 
as part loading, deburring, and quality inspection, while ensur-
ing human–robot collaboration [181]. 

 Data analytics and integration: Robotics and automation 
systems generate vast amounts of data that can be leveraged 
for process optimisation. By integrating CNC machines and 
automation systems with data analytics tools, manufacturers 
can gain insights into machine performance, predictive 
maintenance, and production efficiency [180]. 

 Programming and simulation: Offline programming tools can 
be used to simulate and optimise the robot's movements be-
fore actual implementation. This can involve using a common 
programming language or developing a communication inter-
face between the robot controller and the CNC machine [182]. 

 Flexibility and scalability: Robotic systems offer the advantage 
of flexibility and scalability. They can be easily reprogrammed 
to adapt to different parts, product variations, and production 
volumes. This allows manufacturers to respond quickly to 
changing market demands [183]. 
The structure of a modern smart manufacturing factory using 

robotics and automation is shown in Fig. 11 [180]. 
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Fig. 11. Structure of a modern smart manufacturing factory using robotics and automation [180] 

Overall, the integration of robotics and automation in CNC 
machining operations and production lines leads to increased 
efficiency, improved quality, reduced cycle times, and enhanced 
competitiveness in the manufacturing industry [184]. However, it is 
crucial to carefully plan and integrate these systems to ensure a 
smooth and efficient operation in terms of productivity enhance-
ment of CNC machining operations. 

11. CONCLUSION 

Robotics and automation play a significant role in CNC ma-
chining operations, revolutionising the manufacturing industry. 
The use of robotics and automation in CNC machining operations 
brings greater efficiency, accuracy, and productivity while reduc-
ing costs, human error, and downtime. It enables manufacturers 
to meet increasing demands, improve quality control, and stay 
competitive in the industry. Robots are used to load and unload 
workpieces from CNC machines. They can handle heavy and 
bulky materials with precision, reducing the need for manual 
labour and increasing efficiency. Robotic machine tending allows 
for continuous operation, as robots can work 24/7 without fatigue. 
CNC machines often require different tools for various machining 
operations. Automation systems, such as tool changers, enable 
the machine to automatically switch between tools based on the 
programmed instructions. This eliminates the need for manual tool 
changes, saving time and reducing human error. Robots equipped 
with sensors and vision systems can perform accurate measure-
ments and inspections of machined parts. They can compare the 
dimensions of the workpiece against the CAD model or pre-
defined specifications, ensuring the quality and consistency of the 
output. Robots can be programmed to automatically change tools 
based on the machining requirements. This eliminates the need 
for manual intervention and reduces downtime during tool chang-
es. 

Automation systems integrated with CNC machines can adapt 
the machining process in real time based on feedback from sen-
sors and monitoring systems. This allows for adjustments to com-
pensate for tool wear, material variations, or environmental fac-
tors, resulting in improved precision and reduced scrap. Cobots 
are designed to work alongside human operators in CNC machin-
ing operations. They can assist in tasks such as part loading, 
deburring, or finishing, enhancing productivity and safety. Cobots 
have built-in safety features, such as force sensing and collision 
detection, allowing them to operate in close proximity to humans. 
Automation in CNC machining operations enables the collection of 
vast amounts of data, including process parameters, tool wear, 
and machine performance. These data can be analysed using 
advanced analytics techniques to identify trends, optimise pro-
cesses, and predict maintenance requirements, leading to im-
proved efficiency and reduced downtime. 

The integration of several CNC machines into an integrated 
production line is made possible by automation systems. By mov-
ing objects between several machining stations, robots may 
streamline the operation and save downtime. Additionally, auto-
mated systems can interface with other manufacturing systems, 
such as ERP software, to provide smooth production manage-
ment. Automation in CNC machining allows for the collection of 
vast amounts of data related to machining parameters, tool per-
formance, and production metrics. These data can be analysed 
using artificial intelligence and machine-learning algorithms to 
identify patterns, optimise processes, and improve overall effi-
ciency. 

Future research in robotics and automation in CNC machining 
operations is likely to focus on several key areas. Here are some 
potential avenues of investigation: 

 Advanced machine learning and AI algorithms: Researchers 
can explore the application of advanced machine learning and 
artificial intelligence algorithms to improve CNC machining 
operations. This includes developing algorithms for predictive 
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maintenance, tool wear prediction, optimising machining pa-
rameters, and adaptive control systems. 

 Collaborative robotics (cobots): Cobots are designed to work 
alongside human operators, enhancing their capabilities and 
improving safety. Future research can investigate the devel-
opment of more sophisticated cobots that can perform intri-
cate tasks in CNC machining operations while maintaining 
safe and efficient collaboration with human workers. 

 Intelligent process monitoring and control: Research can focus 
on developing intelligent monitoring and control systems that 
can analyse real-time data from CNC machines, sensors, and 
other sources to make informed decisions. This can involve 
the integration of machine-learning algorithms to detect 
anomalies, optimise cutting parameters, and ensure con-
sistent product quality. 

 Multi-axis machining and complex geometry: As the demand 
for intricate and complex parts increases, future research can 
explore advancements in multi-axis machining. This includes 
developing algorithms and strategies for efficient machining of 
complex geometries, such as freeform surfaces and non-
uniform rational basis splines (NURBS). 

 Automated tool path planning: Optimising tool paths is crucial 
for efficient machining. Future research can focus on auto-
mated tool path planning algorithms that minimise cycle time, 
reduce tool wear, and optimise chip evacuation. This may in-
volve considering factors like material properties, machine dy-
namics, and geometric constraints. 

 Human–machine interfaces (HMIs): User interfaces play a 
critical role in CNC machining operations. Future research can 
investigate intuitive and user-friendly HMIs that enable opera-
tors to interact with machines more effectively. This includes 
exploring the use of augmented reality (AR) and virtual reality 
(VR) technologies to enhance training, programming, and 
monitoring processes. 

 Integration of IoT and Industry 4.0 technologies: The integra-
tion of the IoT and Industry 4.0 technologies can enable real-
time data collection, analysis, and remote monitoring of CNC 
machines. Future research can focus on developing scalable 
and secure architectures to enable seamless connectivity and 
data exchange between machines, sensors, and other sys-
tems. 

 Sustainability and energy efficiency: As sustainability be-
comes increasingly important, future research can explore 
ways to make CNC machining operations more environmen-
tally friendly. This includes investigating energy-efficient ma-
chining strategies, optimising material usage, and minimising 
waste generation through advanced process monitoring and 
control. 

 Energy efficiency and sustainability: With growing concerns 
about energy consumption and environmental impact, future 
research can focus on developing energy-efficient machining 
strategies and optimising the use of resources in CNC opera-
tions. This can involve investigating novel machining tech-
niques, tool materials, or cooling strategies to minimise energy 
consumption and reduce waste. 

 Cybersecurity and safety: As CNC machines become more 
connected and integrated into manufacturing networks, ensur-
ing cybersecurity and safety becomes crucial. Future research 
can concentrate on developing robust cybersecurity measures 
to protect CNC machines from potential threats and imple-
menting safety protocols to prevent accidents or unauthorised 
access. 

 Machine learning for defect detection: Applying machine-
learning techniques to detect defects or anomalies in ma-
chined parts can help improve quality control. Future research 
can focus on developing algorithms that can automatically an-
alyse sensor data, such as vibration, temperature, or acoustic 
signals, to detect and classify defects in real time. 

 Adaptive control systems: Research can be directed towards 
the development of adaptive control systems that can dynami-
cally adjust machining parameters based on real-time feed-
back. These systems can optimise cutting parameters, tool 
wear compensation, and feed-rate control, leading to im-
proved machining accuracy and reduced production time. 

 Sensor integration and data analytics: Exploring advanced 
sensing technologies and integrating them into CNC machin-
ing processes can provide valuable data for optimisation. Fu-
ture research can investigate the integration of various sen-
sors, such as force/torque sensors, vision systems, and 3D 
scanners, and utilise data analytics techniques to extract val-
uable insights for process improvement. 

 Intelligent process planning: Research can be conducted to 
develop intelligent algorithms that can optimise the process-
planning phase in CNC machining. These algorithms can con-
sider various factors such as tool selection, toolpath optimisa-
tion, and fixture design, aiming to improve the efficiency, accu-
racy, and cost-effectiveness. 

 HMIs: Enhancing the interaction between humans and CNC 
machines can lead to improved productivity and ease of use. 
Future research can explore the development of intuitive user 
interfaces, AR or VR systems, and haptic feedback to facilitate 
efficient programming, monitoring, and control of CNC ma-
chines. 
These research areas have the potential to drive significant 

advancements in robotics and automation in CNC machining 
operations, improving productivity, flexibility, and overall manufac-
turing efficiency. 

REFERENCES 

1. Bloss R. Machine tools become much more than just a lathe or 
milling machine. Assembly Automation. 2007;27(1):9-11. 

2. Ribeiro J, Lima R, Eckhardt T, Paiva S. Robotic process automa-
tion and artificial intelligence in industry 4.0–a literature review. 
Procedia Computer Science. 2021;181:51-8. 

3. Bârsan A. A Brief Review of Robotic Machining. Acta Universitatis 
Cibiniensis Technical Series. 2019;71(1):9-13. 

4. Yuwen S, Jinjie J, Jinting X, Mansen C, Jinbo N. Path, feedrate 
and trajectory planning for free-form surface machining: A state-of-
the-art review. Chinese Journal of Aeronautics. 2022;35(8):12-29. 

5. Bartoš M, Bulej V, Bohušík M, Stanček J, Ivanov V, Macek P. An 
overview of robot applications in automotive industry. Transporta-
tion Research Procedia. 2021;55:837-44. 

6. Martinova LI, Kozak NV, Kovalev IA, Ljubimov AB. Creation of 
CNC system’s components for monitoring machine tool health. The 
International Journal of Advanced Manufacturing Technology. 
2021;117(7-8):2341-8. 

7. Nasir V, Sassani F. A review on deep learning in machining and 
tool monitoring: methods, opportunities, and challenges. The Inter-
national Journal of Advanced Manufacturing Technology. 
2021;115(9-10):2683-709. 

8. Liu C, Zheng P, Xu X. Digitalisation and servitisation of machine 
tools in the era of Industry 4.0: a review. International journal of 
production research. 2021:1-33. 

9. Nguyen V, Johnson J, Melkote S. Active vibration suppression in 
robotic milling using optimal control. International Journal of Ma-
chine Tools and Manufacture. 2020;152:103541. 



Mohsen Soori, Fooad Karimi Ghaleh Jough, Roza Dastres, Behrooz Arezoo                                                                                                                DOI 10.2478/ama-2024-0048 
Robotical Automation in CNC Machine Tools: A Review 

446 

10. Gienke O, Pan Z, Yuan L, Lepper T, Van Duin S. Mode coupling 
chatter prediction and avoidance in robotic machining process. The 
International Journal of Advanced Manufacturing Technology. 
2019;104:2103-16. 

11. Hao D, Wang W, Liu Z, Yun C. Experimental study of stability 
prediction for high-speed robotic milling of aluminum. Journal of 
Vibration and Control. 2020;26(7-8):387-98. 

12. Javaid M, Haleem A, Singh RP, Suman R. Substantial capabilities 
of robotics in enhancing industry 4.0 implementation. Cognitive 
Robotics. 2021;1:58-75. 

13. Onstein IF, Semeniuta O, Bjerkeng M, editors. Deburring using 
robot manipulators: A review. 2020 3rd International Symposium 
on Small-scale Intelligent Manufacturing Systems; 2020: IEEE. 

14. Zerun Z, Xiaowei T, Chen C, Fangyu P, Rong Y, Lin Z, et al. High 
precision and efficiency robotic milling of complex parts: Challeng-
es, approaches and trends. Chinese Journal of Aeronautics. 
2022;35(2):22-46. 

15. Zheng H, Lin J, editors. A deep learning approach for high speed 
machining tool wear monitoring. 2019 3rd international conference 
on robotics and automation sciences (ICRAS); 2019: IEEE. 

16. Luo W, Hu T, Ye Y, Zhang C, Wei Y. A hybrid predictive mainte-
nance approach for CNC machine tool driven by Digital Twin. Ro-
botics and Computer-Integrated Manufacturing. 2020;65:101974. 

17. Zhu D, Feng X, Xu X, Yang Z, Li W, Yan S, et al. Robotic grinding 
of complex components: a step towards efficient and intelligent 
machining–challenges, solutions, and applications. Robotics and 
Computer-Integrated Manufacturing. 2020;65:101908. 

18. Iglesias Sánchez I, Ares JE, González Gaya C, Rosales Prieto V. 
A new approach to the consideration and analysis of critical factors 
in robotic machining. Applied Sciences. 2020;10(24):8885. 

19. Johansen K, Ashourpour M, Rao S. Positioning sustainable auto-
mation in production of customized products. Procedia Manufactur-
ing. 2021;55:358-64. 

20. Evjemo LD, Gjerstad T, Grøtli EI, Sziebig G. Trends in smart 
manufacturing: Role of humans and industrial robots in smart fac-
tories. Current Robotics Reports. 2020;1:35-41. 

21. Chen Q, Zhang C, Hu T, Zhou Y, Ni H, Xue X. Posture optimization 
in robotic machining based on comprehensive deformation index 
considering spindle weight and cutting force. Robotics and Com-
puter-Integrated Manufacturing. 2022;74:102290. 

22. Pantazis D, Pease SG, Goodall P, West A, Conway P. A design of 
experiments Cyber–Physical System for energy modelling and op-
timisation in end-milling machining. Robotics and Computer-
Integrated Manufacturing. 2023;80:102469. 

23. Soori M, Arezoo B, Habibi M. Accuracy analysis of tool deflection 
error modelling in prediction of milled surfaces by a virtual machin-
ing system. International Journal of Computer Applications in 
Technology. 2017;55(4):308-21. 

24. Soori M, Arezoo B, Habibi M. Virtual machining considering dimen-
sional, geometrical and tool deflection errors in three-axis CNC 
milling machines. Journal of Manufacturing Systems. 
2014;33(4):498-507. 

25. Soori M, Arezoo B, Habibi M. Dimensional and geometrical errors 
of three-axis CNC milling machines in a virtual machining system. 
Computer-Aided Design. 2013;45(11):1306-13. 

26. Soori M, Arezoo B, Habibi M. Tool deflection error of three-axis 
computer numerical control milling machines, monitoring and min-
imizing by a virtual machining system. Journal of Manufacturing 
Science and Engineering. 2016;138(8):081005. 

27. Soori M, Asmael M, Solyalı D. Recent Development in Friction Stir 
Welding Process: A Review. SAE International Journal of Materials 
and Manufacturing. 2020(5):18. 

28. Soori M, Asmael M. Virtual Minimization of Residual Stress and 
Deflection Error in Five-Axis Milling of Turbine Blades. Strojniski 
Vestnik/Journal of Mechanical Engineering. 2021;67(5):235-44. 

29. Soori M, Asmael M. Cutting temperatures in milling operations of 
difficult-to-cut materials. Journal of New Technology and Materials. 
2021;11(1):47-56. 

30. Soori M, Asmael M, Khan A, Farouk N. Minimization of surface 
roughness in 5-axis milling of turbine blades. Mechanics Based 
Design of Structures and Machines. 2021;51(9):1-18. 

31. Soori M, Asmael M. MINIMIZATION OF DEFLECTION ERROR IN 
FIVE AXIS MILLING OF IMPELLER BLADES. Facta Universitatis, 
series: Mechanical Engineering. 2021;21(2):175-90. 

32. Soori M. Virtual product development: GRIN Verlag; 2019. 
33. Soori M, Asmael M. A Review of the Recent Development in 

Machining Parameter Optimization. Jordan Journal of Mechanical 
& Industrial Engineering. 2022;16(2):205-23. 

34. Dastres R, Soori M, Asmael M. RADIO FREQUENCY IDENTIFI-
CATION (RFID) BASED WIRELESS MANUFACTURING SYS-
TEMS, A REVIEW. Independent Journal of Management & Pro-
duction. 2022;13(1):258-90. 

35. Soori M, Arezoo B, Dastres R. Machine Learning and Artificial 
Intelligence in CNC Machine Tools, A Review. Sustainable Manu-
facturing and Service Economics. 2023:100009. 

36. Soori M, Arezoo B. A Review in Machining-Induced Residual 
Stress. Journal of New Technology and Materials. 2022;12(1):64-
83. 

37. Soori M, Arezoo B. Minimization of Surface Roughness and Resid-
ual Stress in Grinding Operations of Inconel 718. Journal of Mate-
rials Engineering and Performance. 2022:1-10. 

38. Soori M, Arezoo B. Cutting Tool Wear Prediction in Machining 
Operations, A Review. Journal of New Technology and Materials. 
2022;12(2):15-26. 

39. Soori M, Asmael M. Classification of research and applications of 
the computer aided process planning in manufacturing systems. 
Independent Journal of Management & Production. 
2021;12(5):1250-81. 

40. Dastres R, Soori M. Advances in web-based decision support 
systems. International Journal of Engineering and Future Technol-
ogy. 2021;19(1):1-15. 

41. Dastres R, Soori M. Artificial Neural Network Systems. Internation-
al Journal of Imaging and Robotics (IJIR). 2021;21(2):13-25. 

42. Dastres R, Soori M. The Role of Information and Communication 
Technology (ICT) in Environmental Protection. International Jour-
nal of Tomography and Simulation. 2021;35(1):24-37. 

43. Dastres R, Soori M. Secure Socket Layer in the Network and Web 
Security. International Journal of Computer and Information Engi-
neering. 2020;14(10):330-3. 

44. Dastres R, Soori M. Advances in Web-Based Decision Support 
Systems. International Journal of Engineering and Future Technol-
ogy. 2021. 

45. Dastres R, Soori M. A review in recent development of network 
threats and security measures. International Journal of Information 
Sciences and Computer Engineering. 2021. 

46. Dastres R, Soori M. Advanced image processing systems. Interna-
tional Journal of Imagining and Robotics. 2021;21(1):27-44. 

47. Soori M, Arezoo B. Dimensional, geometrical, thermal and tool 
deflection errors compensation in 5-Axis CNC milling operations. 
Australian Journal of Mechanical Engineering. 2023:1-15. 

48. Soori M, Arezoo B, Dastres R. Artificial Intelligence, Machine 
Learning and Deep Learning in Advanced Robotics, A Review. 
Cognitive Robotics. 2023;3:54-70. 

49. Soori M, Arezoo B. Effect of cutting parameters on tool life and 
cutting temperature in milling of AISI 1038 carbon steel. Journal of 
New Technology and Materials. 2023. 

50. Soori M, Arezoo B. The effects of coolant on the cutting tempera-
ture, surface roughness and tool wear in turning operations of 
Ti6Al4V alloy. Mechanics Based Design of Structures and Ma-
chines. 2023:1-23. 

51. Soori M. Advanced Composite Materials and Structures. Journal of 
Materials and Engineering Structures. 2023. 

52. Soori M, Arezoo B, Dastres R. Internet of things for smart factories 
in industry 4.0, a review. Internet of Things and Cyber-Physical 
Systems. 2023. 

 



DOI 10.2478/ama-2024-0048                                                                                                                                                         acta mechanica et automatica, vol.18 no.3 (2024) 

447 

53. Soori M, Arezoo B. Cutting tool wear minimization in drilling opera-
tions of titanium alloy Ti-6Al-4V. Proceedings of the Institution of 
Mechanical Engineers, Part J: Journal of Engineering Tribology. 
2023:13506501231158259. 

54. Soori M, Arezoo B. Minimization of surface roughness and residual 
stress in abrasive water jet cutting of titanium alloy Ti6Al4V. Pro-
ceedings of the Institution of Mechanical Engineers, Part E: Journal 
of Process Mechanical Engineering. 2023:09544089231157972. 

55. Soori M. Deformation error compensation in 5-Axis milling opera-
tions of turbine blades. Journal of the Brazilian Society of Mechani-
cal Sciences and Engineering. 2023;45(6):289. 

56. Soori M, Arezoo B. Modification of CNC Machine Tool Operations 
and Structures Using Finite Element Methods, A Review. Jordan 
Journal of Mechanical and Industrial Engineering. 2023. 

57. Soori M, Arezoo B, Dastres R. Optimization of Energy Consump-
tion in Industrial Robots, A Review. Cognitive Robotics. 2023. 

58. Soori M, Arezoo B, Dastres R. Advanced Virtual Manufacturing 
Systems, A Review. Journal of Advanced Manufacturing Science 
and Technology. 2023. 

59. Jough FKG, Şensoy S. Prediction of seismic collapse risk of steel 
moment frame mid-rise structures by meta-heuristic algorithms. 
Earthquake Engineering and Engineering Vibration. 2016;15: 
743-57. 

60. Karimi Ghaleh Jough F, Şensoy S. Steel moment-resisting frame 
reliability via the interval analysis by FCM-PSO approach consider-
ing various uncertainties. Journal of Earthquake Engineering. 
2020;24(1):109-28. 

61. Karimi Ghaleh Jough F, Golhashem M. Assessment of out-of-plane 
behavior of non-structural masonry walls using FE simulations. 
Bulletin of Earthquake Engineering. 2020;18(14):6405-27. 

62. Taher GA, Yousuf Howlader MAR, Touqir FA. Automation of 
material handling with bucket elevator and belt conveyor. Interna-
tional Journal of Scientific and Research Publications. 2014;4(3): 
1-13. 

63. Deal WF, Jones CE. Integrating CAD/CAM in automation and 
materials handling. Technology and Engineering Teacher. 
2012;71(6):13. 

64. Maheswari C, Priyanka E, Thangavel S, Parameswari P. Devel-
opment of unmanned guided vehicle for material handling automa-
tion for industry 4.0. Int J Recent Technol Eng. 2018;7(4):428-32. 

65. Mahdavi I, Shirazi B, Sahebjamnia N. Development of a simula-
tion-based optimisation for controlling operation allocation and ma-
terial handling equipment selection in FMS. International Journal of 
Production Research. 2011;49(23):6981-7005. 

66. Lee S, Kim Y, Kahng H, Lee S-K, Chung S, Cheong T, et al. Intelli-
gent traffic control for autonomous vehicle systems based on ma-
chine learning. Expert Systems with Applications. 
2020;144:113074. 

67. Kunduru AR. Cloud BPM Application (Appian) Robotic Process 
Automation Capabilities. Asian Journal of Research in Computer 
Science. 2023;16(3):267-80. 

68. Muñoz-Benavent P, Solanes JE, Gracia L, Tornero J. Robust auto 
tool change for industrial robots using visual servoing. International 
Journal of Systems Science. 2019;50(2):432-49. 

69. Soori M, Arezoo B, Dastres R. Artificial Neural Networks in Supply 
Chain Management, A Review. Journal of Economy and Technol-
ogy. 2023;1:179-96. 

70. Javaid M, Haleem A, Singh RP, Rab S, Suman R. Exploring impact 
and features of machine vision for progressive industry 4.0 culture. 
Sensors International. 2022;3:100132. 

71. Jordaan GD, Van Nieuwenhuizen RJ, editors. Machine Vision in an 
Automated Component-Handling System. 2006 IEEE International 
Conference on Mechatronics; 2006: IEEE. 

72. Mudiyanselage SE, Nguyen PHD, Rajabi MS, Akhavian R. Auto-
mated workers’ ergonomic risk assessment in manual material 
handling using sEMG wearable sensors and machine learning. 
Electronics. 2021;10(20):2558. 

73. Guzzi J, Abbate G, Paolillo A, Giusti A, editors. Interacting with a 
conveyor belt in virtual reality using pointing gestures. 2022 17th 

ACM/IEEE International Conference on Human-Robot Interaction 
(HRI); 2022: IEEE. 

74. Rahman HF, Nielsen I. Scheduling automated transport vehicles 
for material distribution systems. Applied Soft Computing. 
2019;82:105552. 

75. Tyagi AK, Fernandez TF, Mishra S, Kumari S, editors. Intelligent 
automation systems at the core of industry 4.0. International con-
ference on intelligent systems design and applications; 2020: 
Springer. 

76. Brecher C, Schröter B, Almeida C, editors. Development and 
programming of portable robot systems for material handling tasks. 
Proceedings of the CIRP International Conference on Reconfigu-
rable Manufacturing; 2005: Citeseer. 

77. Wan J, Tang S, Hua Q, Li D, Liu C, Lloret J. Context-aware cloud 
robotics for material handling in cognitive industrial Internet of 
Things. IEEE Internet of Things Journal. 2017;5(4):2272-81. 

78. Xie C, Allen TT. Simulation and experimental design methods for 
job shop scheduling with material handling: a survey. The Interna-
tional Journal of Advanced Manufacturing Technology. 2015;80(1-
4):233-43. 

79. Obreja C, Stan G, Andrioaia D, Funaru M, editors. Design of an 
automatic tool changer system for milling machining centers. Ap-
plied Mechanics and Materials; 2013: Trans Tech Publ. 

80. Verma K, Belokar R, Verma VK, Ntalianis K. Track-based analysis 
for profile generation on globoidal cam in automatic tool changer of 
CNC machining center. Assembly Automation. 2019;39(2):369-79. 

81. Wu X, Liu Y, Zhou X, Mou A. Automatic identification of tool wear 
based on convolutional neural network in face milling process. 
Sensors. 2019;19(18):3817. 

82. Lianzhong Z, Li W, editors. Machining center automatic ATC 
analysis and research. 2010 3rd International Conference on In-
formation Management, Innovation Management and Industrial 
Engineering; 2010: IEEE. 

83. Leng J, Liu Q, Ye S, Jing J, Wang Y, Zhang C, et al. Digital twin-
driven rapid reconfiguration of the automated manufacturing sys-
tem via an open architecture model. Robotics and Computer-
Integrated Manufacturing. 2020;63:101895. 

84. Dereli T, Filiz İH. Allocating optimal index positions on tool maga-
zines using genetic algorithms. Robotics and Autonomous Sys-
tems. 2000;33(2-3):155-67. 

85. Gong QS, Luo M, Ren AH, Chang ZB. Research on dynamic 
characteristics of globoidal cam employed in automatic tool chang-
er (ATC) of machine center. Applied Mechanics and Materials. 
2014;456:133-6. 

86. Chen S-L, Su C-F, Cheng Y-T. A novel framework for diagnosing 
automatic tool changer and tool life based on cloud computing. Ad-
vances in Mechanical Engineering. 2016;8(3):1687814016637319. 

87. Oliveira TLL, Zitoune R, Ancelotti Jr AC, da Cunha Jr SS. Smart 
machining: Monitoring of CFRP milling using AE and IR. Compo-
site Structures. 2020;249:112611. 

88. Van HP, Thuy DN. Influence of relative humidity and air tempera-
ture on the stopping position of the automatic tool changer in a 
CNC machine when using a pneumatic cylinder. International 
Journal of Modern Physics B. 2021;35(14n16):2140013. 

89. Lu XH, Han PZ, Wu WY, Jie W, editors. Reliability evaluation of 
circular tool magazine and automatic tool changer. Advanced Ma-
terials Research; 2013: Trans Tech Publ. 

90. Nakamoto K, Shirase K, Wakamatsu H, Tsumaya A, Arai E. Auto-
matic production planning system to achieve flexible direct machin-
ing. JSME International Journal Series C Mechanical Systems, 
Machine Elements and Manufacturing. 2004;47(1):136-43. 

91. Tian H, Yang Z, Li G, Chen C. Study on failure warning of tool 
magazine and automatic tool changer based on tool-pulling force. 
Journal of Mechanical Science and Technology. 2019;33:4371-81. 

92. Zhou L, Li F, Wang Y, Wang L, Wang G. A new empirical standby 
power and auxiliary power model of CNC machine tools. The Inter-
national Journal of Advanced Manufacturing Technology. 
2022;120(5-6):3995-4010. 

 



Mohsen Soori, Fooad Karimi Ghaleh Jough, Roza Dastres, Behrooz Arezoo                                                                                                                DOI 10.2478/ama-2024-0048 
Robotical Automation in CNC Machine Tools: A Review 

448 

93. Chen C, Tian H, Zhang J, Shi X, Chen L, Bao J, et al. Study on 
failure warning of tool magazine and automatic tool changer. Jour-
nal of Vibroengineering. 2016;18(2):883-99. 

94. Barbosa M, Silva F, Pimentel C, Gouveia RM. A novel concept of 
CNC machining center automatic feeder. Procedia Manufacturing. 
2018;17:952-9. 

95. Živanović S, Slavković N, editors. Programming of machine tools 
and robots for machining using STEP-NC in the era of Industry 4.0. 
Proceedings of the 15th International Conference on Accomplish-
ments in Mechanical and Industrial Engineering DEMI 2021; 2021: 
University of Banjaluka, Faculty of Mechanical Engineering. 

96. Leali F, Pellicciari M, Pini F, Vergnano A, Berselli G, editors. A 
calibration method for the integrated design of finishing robotic 
workcells in the aerospace industry. Robotics in Smart Manufactur-
ing: International Workshop, WRSM 2013, Co-located with FAIM 
2013, Porto, Portugal, June 26-28, 2013 Proceedings; 2013: 
Springer. 

97. Chen Y, Dong F. Robot machining: recent development and future 
research issues. The International Journal of Advanced Manufac-
turing Technology. 2013;66:1489-97. 

98. Gultekin H, Akturk MS, Karasan OE. Bicriteria robotic operation 
allocation in a flexible manufacturing cell. Computers & operations 
research. 2010;37(4):779-89. 

99. Vaher K, Kangru T, Otto T, Riives J. THE MOBILITY OF ROBOT-
ISED WORK CELLS IN MANUFACTURING. Annals of DAAAM & 
Proceedings. 2019;30. 

100. Schneider U, Drust M, Ansaloni M, Lehmann C, Pellicciari M, Leali 
F, et al. Improving robotic machining accuracy through experi-
mental error investigation and modular compensation. The Interna-
tional Journal of Advanced Manufacturing Technology. 2016;85: 
3-15. 

101. Buerkle A, Eaton W, Lohse N, Bamber T, Ferreira P. EEG based 
arm movement intention recognition towards enhanced safety in 
symbiotic Human-Robot Collaboration. Robotics and Computer-
Integrated Manufacturing. 2021;70:102137. 

102. Soori M, Arezoo B, Dastres R. Virtual manufacturing in industry 
4.0: A review. Data Science and Management. 2023. 

103. Bedaka AK, Vidal J, Lin C-Y. Automatic robot path integration 
using three-dimensional vision and offline programming. The Inter-
national Journal of Advanced Manufacturing Technology. 
2019;102:1935-50. 

104. Devine K, Reifschneider L, editors. Agile robotic work cells for 
teaching manufacturing engineering. Proceedings of ASEE; 2009. 

105. Lee NK. Total automation: The possibility of lights-out manufactur-
ing in the near future. Missouri S&T’s Peer to Peer. 2018;2(1):4. 

106. Søndergaard A, Feringa J, Stan F, Maier D. Robotic abrasive wire 
cutting of polymerized styrene formwork systems for cost-effective 
realization of topology-optimized concrete structures. Construction 
Robotics. 2018;2(1-4):81-92. 

107. Zonta T, Da Costa CA, da Rosa Righi R, de Lima MJ, da Trindade 
ES, Li GP. Predictive maintenance in the Industry 4.0: A systemat-
ic literature review. Computers & Industrial Engineering. 
2020;150:106889. 

108. Liu Y, Candell R, Kashef M, Montgomery K, editors. A collaborative 
work cell testbed for industrial wireless communications—the base-
line design. 2019 IEEE 28th International Symposium on Industrial 
Electronics (ISIE); 2019: IEEE. 

109. KUKA milling robot [Available from: https://www.kuka.com/en-
my/products/process-technologies/milling. 

110. Soori M, Arezoo B, Dastres R. Internet of things for smart factories 
in industry 4.0, a review. Internet of Things and Cyber-Physical 
Systems. 2023;3:192-204. 

111. Soori M, Arezoo B, Dastres R. Digital Twin for Smart Manufactur-
ing, A Review. Sustainable Manufacturing and Service Economics. 
2023;2:100017. 

112. Ashima R, Haleem A, Bahl S, Javaid M, Mahla SK, Singh S. Auto-
mation and manufacturing of smart materials in Additive Manufac-
turing technologies using Internet of Things towards the adoption 

of Industry 4.0. Materials Today: Proceedings. 2021;45:5081-8. 
113. Oyekan J, Farnsworth M, Hutabarat W, Miller D, Tiwari A. Applying 

a 6 DoF robotic arm and digital twin to automate fan-blade recondi-
tioning for aerospace maintenance, repair, and overhaul. Sensors. 
2020;20(16):4637. 

114. Lotti N, Xiloyannis M, Durandau G, Galofaro E, Sanguineti V, 
Masia L, et al. Adaptive model-based myoelectric control for a soft 
wearable arm exosuit: A new generation of wearable robot control. 
IEEE Robotics & Automation Magazine. 2020;27(1):43-53. 

115. Carlucho I, De Paula M, Acosta GG. An adaptive deep reinforce-
ment learning approach for MIMO PID control of mobile robots. ISA 
transactions. 2020;102:280-94. 

116. Wang L, Orban P, Cunningham A, Lang S. Remote real-time CNC 
machining for web-based manufacturing. Robotics and Computer-
Integrated Manufacturing. 2004;20(6):563-71. 

117. Reel PS, Reel S, Pearson E, Trucco E, Jefferson E. Using ma-
chine learning approaches for multi-omics data analysis: A review. 
Biotechnology Advances. 2021;49:107739. 

118. Enthrakandi Narasimhan G, Bettyjane J. Implementation and study 
of a novel approach to control adaptive cooperative robot using 
fuzzy rules. International Journal of Information Technology. 
2021;13:2287-94. 

119. Sheridan TB. Adaptive automation, level of automation, allocation 
authority, supervisory control, and adaptive control: Distinctions 
and modes of adaptation. IEEE Transactions on Systems, Man, 
and Cybernetics-Part A: Systems and Humans. 2011;41(4):662-7. 

120. Jezernik S, Colombo G, Morari M. Automatic gait-pattern adapta-
tion algorithms for rehabilitation with a 4-DOF robotic orthosis. 
IEEE Transactions on Robotics and Automation. 2004;20(3):574-
82. 

121. Zou H, Chen C-L, Li M, Yang J, Zhou Y, Xie L, et al. Adversarial 
learning-enabled automatic WiFi indoor radio map construction and 
adaptation with mobile robot. IEEE Internet of Things Journal. 
2020;7(8):6946-54. 

122. Weingarten JD, Lopes GA, Buehler M, Groff RE, Koditschek DE, 
editors. Automated gait adaptation for legged robots. IEEE Interna-
tional Conference on Robotics and Automation, 2004 Proceedings 
ICRA'04 2004; 2004: IEEE. 

123. Neythalath N, Søndergaard A, Bærentzen JA. Adaptive robotic 
manufacturing using higher order knowledge systems. Automation 
in Construction. 2021;127:103702. 

124. Sahil D, Sarabjeet SS, editors. REDUCTION OF SCRAP AND 
INSPECTION EFFORT: AN APPROACH INCORPORATING IN-
DUSTRY 4.0. Electrophysical machining in modern industry; 2021. 

125. Xiao R, Xu Y, Hou Z, Chen C, Chen S. An adaptive feature extrac-
tion algorithm for multiple typical seam tracking based on vision 
sensor in robotic arc welding. Sensors and Actuators A: Physical. 
2019;297:111533. 

126. Lv Y, Peng Z, Qu C, Zhu D. An adaptive trajectory planning algo-
rithm for robotic belt grinding of blade leading and trailing edges 
based on material removal profile model. Robotics and Computer-
Integrated Manufacturing. 2020;66:101987. 

127. Perzylo A, Rickert M, Kahl B, Somani N, Lehmann C, Kuss A, et al. 
SMErobotics: Smart robots for flexible manufacturing. IEEE Robot-
ics & Automation Magazine. 2019;26(1):78-90. 

128. Jia F, Tzintzun J, Ahmad R, editors. An improved robot path plan-
ning algorithm for a novel self-adapting intelligent machine tending 
robotic system. Industrial and Robotic Systems: LASIRS 2019; 
2020: Springer. 

129. Annem V, Rajendran P, Thakar S, Gupta SK, editors. Towards 
remote teleoperation of a semi-autonomous mobile manipulator 
system in machine tending tasks. International Manufacturing Sci-
ence and Engineering Conference; 2019: American Society of Me-
chanical Engineers. 

130. Park Y-K, Park J, Kim S, Lee D, Lee S, Um J. Development of 
Digital twin for Plug-and-Produce of a Machine tending system 
through ISO 21919 interface. International Journal of Computer In-
tegrated Manufacturing. 2023:1-16. 



DOI 10.2478/ama-2024-0048                                                                                                                                                         acta mechanica et automatica, vol.18 no.3 (2024) 

449 

131. Steele JW, Wysk RA, Ferreira JC. A resource-oriented tolerance 
representation scheme for the planning of robotic machine tending 
operations in automated manufacturing systems. The International 
Journal of Advanced Manufacturing Technology. 2008;38:741-56. 

132. Bahrin MAK, Othman MF, Azli NHN, Talib MF. Industry 4.0: A 
review on industrial automation and robotic. Jurnal teknologi. 
2016;78(6-13). 

133. Jia F, Jebelli A, Ma Y, Ahmad R. An Intelligent Manufacturing 
Approach Based on a Novel Deep Learning Method for Automatic 
Machine and Working Status Recognition. Applied Sciences. 
2022;12(11):5697. 

134. Schneider C, Klos M, Bdiwi M, Putz M. Machine-To-Machine 
(M2M) Communication of Robotic Platform in Machine Tending 
Applications. 

135. Landscheidt S, Kans M, Winroth M. Opportunities for robotic 
automation in wood product industries: the supplier and system in-
tegrators’ perspective. Procedia Manufacturing. 2017;11:233-40. 

136. Rooks B. Robots make a show at the UK automation and machine 
tool exhibitions. Industrial Robot: An International Journal. 2002. 

137. Chen Q, Heydari B, Moghaddam M. Leveraging task modularity in 
reinforcement learning for adaptable industry 4.0 automation. 
Journal of Mechanical Design. 2021;143(7). 

138. Giles DM, Sinyuk A, Sorokin MG, Schafer JS, Smirnov A, Slutsker 
I, et al. Advancements in the Aerosol Robotic Network (AERONET) 
Version 3 database–automated near-real-time quality control algo-
rithm with improved cloud screening for Sun photometer aerosol 
optical depth (AOD) measurements. Atmospheric Measurement 
Techniques. 2019;12(1):169-209. 

139. Plaza EG, López PN, González EB. Efficiency of vibration signal 
feature extraction for surface finish monitoring in CNC machining. 
Journal of Manufacturing Processes. 2019;44:145-57. 

140. Dev Anand M, Selveraj T, Kumanan S, Ajith Bosco Raj T. Robotics 
in online inspection and quality control using moment algorithm. 
Advances in Production Engineering & Management. 2012;7(1): 
27-38. 

141. Montironi M, Castellini P, Stroppa L, Paone N. Adaptive autono-
mous positioning of a robot vision system: Application to quality 
control on production lines. Robotics and Computer-Integrated 
Manufacturing. 2014;30(5):489-98. 

142. Tripathi S, Shukla S, Attrey S, Agrawal A, Bhadoria VS. Smart 
industrial packaging and sorting system. Strategic system assur-
ance and business analytics. 2020:245-54. 

143. Navon R. Process and quality control with a video camera, for a 
floor-tilling robot. Automation in construction. 2000;10(1):113-25. 

144. Gupta M, Khan MA, Butola R, Singari RM. Advances in applica-
tions of Non-Destructive Testing (NDT): A review. Advances in Ma-
terials and Processing Technologies. 2022;8(2):2286-307. 

145. Azamfirei V, Granlund A, Lagrosen Y. Multi-layer quality inspection 
system framework for industry 4.0. International journal of automa-
tion technology. 2021;15(5):641-50. 

146. Brito T, Queiroz J, Piardi L, Fernandes LA, Lima J, Leitão P. A 
machine learning approach for collaborative robot smart manufac-
turing inspection for quality control systems. Procedia Manufactur-
ing. 2020;51:11-8. 

147. Sun Y, Lu L, Wu F, Xiao S, Sha J, Zhang L, editors. Error Analysis 
of a Coordinate Measuring Machine with a 6-DOF Industrial Robot 
Holding the Probe. Actuators; 2023: MDPI. 

148. Saez M, Maturana FP, Barton K, Tilbury DM. Real-time manufac-
turing machine and system performance monitoring using internet 
of things. IEEE Transactions on Automation Science and Engineer-
ing. 2018;15(4):1735-48. 

149. My CA. The role of big data analytics and AI in smart manufactur-
ing: An overview. Research in Intelligent and Computing in Engi-
neering: Select Proceedings of RICE 2020. 2021:911-21. 

150. Chen S-L, Jen Y. Data fusion neural network for tool condition 
monitoring in CNC milling machining. International journal of ma-
chine tools and manufacture. 2000;40(3):381-400. 

151. Ridwan F, Xu X. Advanced CNC system with in-process feed-rate 
optimisation. Robotics and Computer-Integrated Manufacturing. 

2013;29(3):12-20. 
152. Li H, Li R, Zhang J, Zhang P. Development of a pipeline inspection 

robot for the standard oil pipeline of China national petroleum cor-
poration. Applied Sciences. 2020;10(8):2853. 

153. Bhatia P, Liu Y, Nagaraj S, Achanta V, Pulaparthi B, Diaz-Elsayed 
N, editors. Data-Driven Multi-Criteria Decision-Making for Smart 
and Sustainable Machining. ASME International Mechanical Engi-
neering Congress and Exposition; 2021: American Society of Me-
chanical Engineers. 

154. Raval MB, Joshi H. Categorical framework for implementation of 
industry 4.0 techniques in medium-scale bearing manufacturing in-
dustries. Materials Today: Proceedings. 2022;65:3531-7. 

155. Lu Y, Xu X. Cloud-based manufacturing equipment and big data 
analytics to enable on-demand manufacturing services. Robotics 
and Computer-Integrated Manufacturing. 2019;57:92-102. 

156. Duro JA, Padget JA, Bowen CR, Kim HA, Nassehi A. Multi-sensor 
data fusion framework for CNC machining monitoring. Mechanical 
systems and signal processing. 2016;66:505-20. 

157. Pieskä S, Kaarela J, Mäkelä J, editors. Simulation and program-
ming experiences of collaborative robots for small-scale manufac-
turing. 2018 2nd International Symposium on Small-scale Intelli-
gent Manufacturing Systems (SIMS); 2018: IEEE. 

158. Ronzoni M, Accorsi R, Botti L, Manzini R. A support-design frame-
work for Cooperative Robots systems in labor-intensive manufac-
turing processes. Journal of Manufacturing Systems. 2021;61:646-
57. 

159. Lima F, De Carvalho CN, Acardi MB, Dos Santos EG, De Miranda 
GB, Maia RF, et al. Digital manufacturing tools in the simulation of 
collaborative robots: Towards industry 4.0. Brazilian Journal of Op-
erations & Production Management. 2019;16(2):261-80. 

160. Hashemi-Petroodi SE, Thevenin S, Kovalev S, Dolgui A. Opera-
tions management issues in design and control of hybrid human-
robot collaborative manufacturing systems: a survey. Annual Re-
views in Control. 2020;49:264-76. 

161. Norman AR, Schönberg A, Gorlach IA, Schmitt R. Validation of 
iGPS as an external measurement system for cooperative robot 
positioning. The International Journal of Advanced Manufacturing 
Technology. 2013;64:427-46. 

162. Glatt M, Sinnwell C, Yi L, Donohoe S, Ravani B, Aurich JC. Model-
ing and implementation of a digital twin of material flows based on 
physics simulation. Journal of Manufacturing Systems. 
2021;58:231-45. 

163. Ammar M, Haleem A, Javaid M, Walia R, Bahl S. Improving mate-
rial quality management and manufacturing organizations system 
through Industry 4.0 technologies. Materials Today: Proceedings. 
2021;45:5089-96. 

164. George P, Cheng C-T, Pang TY, Neville K. Task Complexity and 
the Skills Dilemma in the Programming and Control of Collabora-
tive Robots for Manufacturing. Applied Sciences. 2023;13(7):4635. 

165. Perez-Ubeda R, Gutierrez S, Zotovic R, Lluch-Cerezo J. Study of 
the application of a collaborative robot for machining tasks. Proce-
dia Manufacturing. 2019;41:867-74. 

166. Michalik P, Hatala M, Dobransky J, Macej J, Petrus M, Tirpak P, et 
al., editors. Design and Evaluation of Production of a Robotic An-
gle Arm for Collaborative Robot Using the WorkNC CAM Applica-
tion. 5th EAI International Conference on Management of Manufac-
turing Systems; 2022: Springer. 

167. Liu Y, Guo L, Gao H, You Z, Ye Y, Zhang B. Machine vision based 
condition monitoring and fault diagnosis of machine tools using in-
formation from machined surface texture: A review. Mechanical 
Systems and Signal Processing. 2022;164:108068. 

168. Kim H, Lim D-E, Lee S. Deep learning-based dynamic scheduling 
for semiconductor manufacturing with high uncertainty of automat-
ed material handling system capability. IEEE Transactions on 
Semiconductor Manufacturing. 2020;33(1):13-22. 

169. Wang KB, Dailami F, Matthews J. Towards collaborative robotic 
polishing of mould and die sets. Procedia Manufacturing. 
2019;38:1499-507. 

 



Mohsen Soori, Fooad Karimi Ghaleh Jough, Roza Dastres, Behrooz Arezoo                                                                                                                DOI 10.2478/ama-2024-0048 
Robotical Automation in CNC Machine Tools: A Review 

450 

170. Miyake Y, Kondo Y. A study on new machining method applied to 
a collaborative robot for drilling. Robotics and Computer-Integrated 
Manufacturing. 2022;78:102409. 

171. Borboni A, Reddy KVV, Elamvazuthi I, AL-Quraishi MS, Natarajan 
E, Azhar Ali SS. The Expanding Role of Artificial Intelligence in 
Collaborative Robots for Industrial Applications: A Systematic Re-
view of Recent Works. Machines. 2023;11(1):111. 

172. El Makrini I, Elprama SA, Van den Bergh J, Vanderborght B, 
Knevels A-J, Jewell CI, et al. Working with walt: How a cobot was 
developed and inserted on an auto assembly line. IEEE Robotics & 
Automation Magazine. 2018;25(2):51-8. 

173. Touzani H, Hadj-Abdelkader H, Séguy N, Bouchafa S. Multi-robot 
task sequencing & automatic path planning for cycle time optimiza-
tion: Application for car production line. IEEE Robotics and Auto-
mation Letters. 2021;6(2):1335-42. 

174. Goel R, Gupta P. Robotics and industry 4.0. A Roadmap to Indus-
try 40: Smart Production, Sharp Business and Sustainable Devel-
opment. 2020:157-69. 

175. Tan M, Chen J, Radhakrishnan R, editors. Design of Control 
System of Automated Production Line Based on PLC and Robot. 
Tenth International Conference on Applications and Techniques in 
Cyber Intelligence (ICATCI 2022) Volume 2; 2023: Springer. 

176. Rahman HF, Janardhanan MN, Nielsen P. An integrated approach 
for line balancing and AGV scheduling towards smart assembly 
systems. Assembly Automation. 2020;40(2):219-34. 

177. Pedersen MR, Nalpantidis L, Andersen RS, Schou C, Bøgh S, 
Krüger V, et al. Robot skills for manufacturing: From concept to in-
dustrial deployment. Robotics and Computer-Integrated Manufac-
turing. 2016;37:282-91. 

178. Susanti S, Sutopo W, Ngadiman N, editors. Equipment Replace-
ment Analysis from Manual Line to Automatic Line in Palletizing 
Activities: A Case Study. IOP Conference Series: Materials Sci-
ence and Engineering; 2021: IOP Publishing. 

179. Mohammed A, Schmidt B, Wang L. Active collision avoidance for 
human–robot collaboration driven by vision sensors. International 
Journal of Computer Integrated Manufacturing. 2017;30(9):970-80. 

180. Wang S, Jiang L, Meng J, Xie Y, Ding H. Training for smart manu-
facturing using a mobile robot-based production line. Frontiers of 
Mechanical Engineering. 2021;16:249-70. 

181. Malik AA, Brem A. Digital twins for collaborative robots: A case 
study in human-robot interaction. Robotics and Computer-
Integrated Manufacturing. 2021;68:102092. 

182. Kukartsev V, Boyko A, Mikhalev A, Tynchenko V, Rukosueva A, 
Korpacheva L, editors. Simulation-dynamic model of working time 
costs calculation for performance of operations on CNC machines. 
Journal of Physics: Conference Series; 2020: IOP Publishing. 

183. Scholz S, Mueller T, Plasch M, Limbeck H, Adamietz R, Isering-
hausen T, et al. A modular flexible scalable and reconfigurable sys-
tem for manufacturing of microsystems based on additive manu-
facturing and e-printing. Robotics and Computer-Integrated Manu-
facturing. 2016;40:14-23. 

184. Kousi N, Gkournelos C, Aivaliotis S, Lotsaris K, Bavelos AC, Baris 
P, et al. Digital twin for designing and reconfiguring human–robot 
collaborative assembly lines. Applied Sciences. 2021;11(10):4620. 

Mohsen Soori:  https://orcid.org/0000-0002-4358-7513 

Fooad Karimi Ghaleh Jough:  https://orcid.org/0000-0003-0697-516X 

Roza Dastres:  https://orcid.org/0000-0002-0278-5003 

Behrooz Arezoo:  https://orcid.org/0000-0002-3054-4696 

 

This work is licensed under the Creative Commons 
BY-NC-ND 4.0 license. 

 

 

https://orcid.org/0000-0002-4358-7513
https://orcid.org/0000-0003-0697-516X
https://orcid.org/0000-0002-0278-5003
https://orcid.org/0000-0002-3054-4696
https://orcid.org/0000-0002-4358-7513
https://orcid.org/0000-0003-0697-516X
https://orcid.org/0000-0002-0278-5003
https://orcid.org/0000-0002-3054-4696

